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1. We start in the node R2 which assumes the similarity value x=1.0, 

because this node is 100% similar to itself.

2. Next, we assign values x of the connected nodes representing the following 

values: 5.8, 2.6, VERSI, 4.0, and 1.2 by multiplying the value coming from 

the node R2 with the connection weights, which are equal 1.0. 

So, as a result, we achieve x=1.0 for all these connected nodes.
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3. Subsequently, the values computed for these nodes are multiplied by 

next connection weights and send to the neighbor connected value nodes, 

for which we also compute their similarity values x. 

4. Similarly, we compute the similarity values x for connected object nodes 

with regards to the necessity to add the passed weighted values to 

the sums already stored in these nodes, e.g. for the node R3,

we compute x = 1.0 * 0.2 + 0.72 * 0.2 + 0.7 * 0.2 = 0.48
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5. Finally, when we go through all the connected (associated) values 

nodes computing theirs values of similarities by multiplying 

the sender similarity values by connection weights. 

We also computed weighted sums for all object nodes, 

where these weights are here equal w = 1/5 = 0.2. 

The computed similarity values for the nodes Rx can be used to 

compare and designate the most similar objects to the object R2:

R5 (78%), R3 (77%), R1 (75%), …
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Let’s start with powerful computations!
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